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Abstract: 

Recommendation system has become helpful in providing the user with their interested item from a pool of item set. The import ance 

of recommendation system has also increased as the popularity of social networking sites increased. Since the data is overwhelming 

the preference of data given to the particular user is important. It helps the users to deal with information overloading. Re commender 

system main ly deals with the problems like co ld start, data sparsity and scalability. Interpersonal influence, personal interest and 

interpersonal interest similarity are considered to solve these problems.  
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I.INTRODUCTION 

 

Recommender system is actually providing only useful 

informat ion from the overwhelming information. The most 

commonly used method to do recommendation is collaborative 

recommendation [1] which involves the usage of the rating 

records of people who has similar characteristics when compared 

to the user. Content aware recommendation [1] [2], it uses 

historical records of the user. Using the previously observed 

patterns we will be able to predict the future interest of the user. 

Next is the hybrid recommendation [3] which is a combination of 

the above two. The major challenge included in recommendation 

system is cold start problem which defines the lack of 

informat ion regarding the newly registered user since they don’t 

have any history of logs. Another problem is data sparsity [3] 

which involves the user who has less number of rating records; it 

includes a person who is less active in the social sites. Next  

problem is scalability, since the data in the internet is increasing 

day by day to massive amount, the way in which the 

recommender system handle the data to extract useful 

informat ion is a challenge. Based on the study of different 

recommender system [4] it has proved that the social relationship 

among the users is of great importance. Here we are considering  

the social factors like user interest, interpersonal interest 

similarity, and interpersonal influence in order to improve the 

accuracy of our recommendation system. User interest specifies 

the interest of a particular user to the preferred item. The interest 

of the user is based on. The other two factors are based on the 

relationship with other users. The factors of trust with other user, 

interest similarity with other user and interest on a particular set 

of item is being considered here. 

 

II.LITERATURE S URVEY 

 

Recommendation system based on trust and social circle have 

great differences [5]. Trust based system is unilateral, when a 

person adds another person to his trust circle then he will be able 

view his actions. In case of social circle a relation confirmation  

process is involved. Also users related in social circle can have 

different interests. Since the major challenges in 

recommendation system are cold start, data sparsity and 

scalability the use of probabilistic matrix factorization [6] is 

considered. It utilizes the user’s social network info and the 

ratings provided. The trust between the users is considered and in 

case of sparse data a reasonable prediction is made. The 

interpersonal influence includes main ly three factors receiver 

interest, item quantities and interpersonal influence. These 

factors give rise to the approach social utility [7]. The relation  

between the users is determined by the last factor while the 

former will describe the receiver and the item. This is different 

from the factor of interpersonal similarity. To overcome the 

problems of recommender system a model of social trust 

ensemble [8] was made which assumes that each user is 

independent, user can be influenced easily by their trusted 

friends and users’ final decision is based on users interest and 

trusted friends. We predict the missing rating from the user 

rating matrix and employing trust graph. In order to overcome 

the data prediction accuracy in rating, an integrated 

complementary model [9] was proposed that focus the patterns at 

different levels like local scale, h igh regional scale. It also point 

out the disadvantage of neighborhood based method as it is 

heuristic in nature and it doesn’t account for interaction among 

neighborhood. The components crucial for this model are 

incorporating interaction among user and neighborhood. The 

friend concept in recommendation system is gaining its 

importance. We consider a circle based recommender system 

[10]. Here group based on trust on different categories are being 

considered. For this the expertise level of a user in a particular 

category is being measured based on their rating records. Trust 

value assignment can be based on equal trust or expertise based 

trust or trust split. Through this we can find the best subset of 

users for a particular category. The factors like indiv idual 

preference and interpersonal influence are considered as social 

contextual factors [11]. A probabilistic matrix factorizat ion has 

been used to include these factors into recommendation. For an 

item user can rank it based on his particular interest or the user’s 
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strength of relationship with the item sender.  The user prefers 

the item based on what is the item, the item preferred by the user 

and who is the sender. Mainly the memory based recommenders 

are using the concept of trust between the users. Social [12] have 

been proposed which uses the trust concept in matrix 

factorization technique. Here in this model the feature vector of 

the user is directly dependent on the feature vector of his 

neighbor .this improves the accuracy of the system. The concept 

of trust propagation is also considered here which improve the 

accuracy in the recommendation to the cold start user. To deal 

with the scalability problems in the recommendation system a 

probabilistic matrix factorizat ion [13] is proposed. PMF scales 

linearly with the datasets and also deals with the problems like 

cold start and data sparsity problem. Two derivatives of the 

model are constrained PMF and PMF with adaptive priors. Even 

though it improves the prediction accuracy the computation of 

this model turns out to be very expensive. Different strategies are 

being used in recommender system. Content based filtering and 

collaborative filtering is important among them. Matrix 

factorization model [14] deals with the latent factors in RS. It 

characterizes both user and the item based on their rating  

behavior. This model is memory efficient and provide more 

accuracy. In order to avoid over fitting probabilistic matrix 

factorization is used. A method is proposed which incorporates 

the social networking information into a context aware 

recommender system. SoCo [15], this can effectively fuse and 

organize contextual in formation. The contextual information is 

used to derive the sub matrices with s imilar rating more 

accurately. The missing value of the rating are predicted using 

this matrices. For this they uses matrix factorizat ion model.  

 

III.CONCLUS ION 

 

Incorporating social networking in formation for recommendation 

has improved the accuracy of recommendation. The factors like 

user interest, interpersonal interest similarity and interpersonal 

influence have helped the user to get only the desired items of 

their interest on their profile. Since the popularity of social 

networking sites is increasing the size of the data on the internet 

day by day. The task of extracting the interested information  

form this heap is a challenging process. The personalized model 

of recommendation has improved the accuracy of the system to 

recommend the user with their interested item.  

 

IV.REFERENCES  

 

[1] A Survey of Context-Aware Recommendation Systems 

Chuong C. Vo , TorabTorab i, Seng W. Loke  

 

[2] Context-Aware Recommender Systems. Gediminas  

Adomavicius, Alexander Tuzh ilin  

 

[3] Toward the Next Generation of Recommender Systems: A 

Survey of the State-of-the-Art and Possible Extensions 

Gediminas Adomavicius, Member, IEEE, and Alexander 

Tuzhilin, Member, IEEE 

 

[4] Comparing Recommendations Made by Online Systems and 

Friends  RashmiSinha and Kirsten Swearingen SIMS, University 

of Califo rnia Berkeley, CA 94720 {sinha, 

kirstens}@sims.berkeley.edu  

[5] Recommender Systems with Social Regularization Hao Ma 

The Chinese University of Hong Kong Shatin, N.T., Hong Kong 

hma@cse.cuhk.edu.hk .Dengyong ,Chao Liu Microsoft Research 

One Microsoft Way Redmond, WA 98052.Michael R. Lyu  King 

The Chinese University of Hong Kong Shatin, N.T., Hong Kong  

 

[6]SoRec: Social Recommendation Using Probabilistic Matrix 

Factorization Hao Ma, Haixuan Yang, Michael R. Lyu, Irwin  

King Dept. of Computer Science and Engineering The Chinese 

University of Hong Kong Shatin, N.T., Hong Kong {hma, 

hxyang, lyu, king}@cse.cuhk.edu.hk 

 

[7] Social Recommendation with Interpersonal Influence 

JunmingHuang1 and Xue-QiCheng1 and JiafengGuo1 and Hua-

WeiShen1 and KunYang2 

 

[8] Learning to Recommend with Social Trust Ensemble .Hao  

Ma, Irwin King and Michael R. Lyu Department of Computer 

Science and Engineering The Chinese University of Hong Kong 

Shatin, N.T., Hong Kong {hma, king, lyu}@cse.cuhk.edu.hk 

 

[9] Modeling Relat ionships at Multiple Scales to Improve 

Accuracy of Large Recommender Systems Robert M. Bell, 

Yehuda Koren and Chris Volinsky AT&T Labs – Research 180 

Park Ave, Florham Park, NJ 07932 

{rbell,yehuda,volinsky}@research.att.com 

 

[10] Circle-based Recommendation in Online Social Networks 

.Xiwang Yang ECE Department Polytechnic Institute of NYU 

Brooklyn, New York xyang01@students.poly.edu .HaraldSteck∗ 

Bell Labs Alcatel-Lucent Murray Hill, New Jersey 

hsteck@gmail.com .Yong Liu ECE Department Polytechnic 

Institute of NYU Brooklyn, New York yongliu@poly.edu 

 

[11] Social Contextual Recommendation .Meng Jiang†§, Peng 

Cui†§, Rui Liu§, Qiang Yang¶, Fei Wang‡ Wenwu Zhu†§, 

Shiqiang Yang†§ †Beijing Key Laboratory of Networked  

Multimedia §Department of Computer Science and Technology, 

Tsinghua University, Beijing, China ‡Healthcare Transformation  

Group, IBM T J Watson Research Center, USA  

 

[12] A Matrix Factorizat ion Technique with Trust Propagation 

for Recommendation in Social Networks .Mohsen Jamali School 

of Computing Science Simon Fraser University Burnaby, BC, 

Canada mohsen_jamali@cs.sfu.ca .Martin Ester School of 

Computing Science Simon Fraser University Burnaby, BC, 

Canada ester@cs.sfu.ca 

 

[13] Probabilistic Matrix Factorization .RuslanSalakhutdinov and 

AndriyMnih Department of Computer Science, University of 

Toronto 6 King’s College Rd, M5S 3G4, Canada 

{rsalakhu,amnih}@cs.toronto.edu 

 

[14]Matrix Factorization Techniques For Recommender Systems 

Yehuda Koren, Yahoo Research Robert Bell and Chris Volinsky, 

AT&T Labs—Research   

 

[15]SoCo: A Social Network Aided Context-Aware 

Recommender System .Xin Liu and Karl Aberer École  

Polytechnique Fédérale de Lausanne Batiment BC, Station 14 

1015 Lausanne, Switzerland karl.aberer@epfl.ch  

mailto:kirstens%7d@sims.berkeley.edu
mailto:hma@cse.cuhk.edu.hk
mailto:king%7d@cse.cuhk.edu.hk
mailto:lyu%7d@cse.cuhk.edu.hk
mailto:xyang01@students.poly.edu
mailto:hsteck@gmail.com
mailto:yongliu@poly.edu
mailto:mohsen_jamali@cs.sfu.ca


 

International  Journal  of Engineering  Science  and Computing, October 2016                                  2818                                           http://ijesc.org/ 

Author Details: 

 

BhagyaRamesh  received B.Tech. degree in Informat ion and 

Technology in Cochin University of Science and Technology, 

India. Pursuing M.Tech. degree in Computer Science and 

Engineering from A PJ  Abdul Kalam Technological University, 

India.    

Reeba R received B.Tech. degree in Computer Science and 

Engineering from Francis Xavier Engineering College, 

Tirunelveli. Received M.Tech. degree in Computer and 

Information Technology from M S University Tirunelveli. She is 

Assistant Professor at Sree Buddha College of Engineering, 

Kerala University, India  

 

 

 


